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Each agents can critique or assess 

the factuality of their response in light 

of other answers



Improving Reasoning

Round 1

Agent 2: After the first stop, there were 120 + 20 = 

140 people on the train. At the second stop, 50 

people descended, leaving 140 - 50 = 90 people. 

Twice that number boarded, meaning 2 * 50 = 100 

people joined the train. The total number of people 

on the train became 90 + 100 = 190. At the third 

stop, 80 people alighted from the train, leaving 190 

- 80 = 110 people on the train. 

Agent 1: At the first stop, the total number of 

people on the train became 120+20 = 140. At the 

second stop, a total of 50/2 = 25 more people 

boarded the train than those who left, which 

means 50-25 = 25 people boarded the train.

The number of people on the train became 140+25 

= 165. At the third station, the number of people 

on the train reduced to 165-80 = 85.

Instruction: Can you solve the following math problem? Romeo boards a train with 120 people. At the first stop, 20 

more people board the train. At the second stop, 50 people descended from the train while twice that number boarded the 

train. If 80 more people descended at the third station, calculate the total number of people on the train at the final stop.

Instruction: Here are responses from other agents: 

(Copy Agent 2’s reply) Using the solutions from other 

agents as additional information, can you give an 

updated response….

Instruction: Here are responses from other agents: 

(Copy Agent 1’s reply)  Using the solutions from 

other agents as additional information, can you give 

an updated response….

✓✗

Agent 2: Yes, I can provide my answer. Based on the 

given information and the solutions provided by other 

agents, the correct answer to the problem is 110.

Agent 1: From the information provided by the other 

agents, the correct answer to the problem is 110.

Round 2

✓ ✓
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Improving Factuality
Prompt: Give a bullet point biography of David S. Johnson highlighting their contributions and 
achievements as a computer scientist, with each fact separated with a new line character.

Agent 2: -- David S. Johnson is an American 
computer scientist and mathematician.

-- Johnson was elected to the National Academy of 
Engineering in 2006.

-- He has been awarded numerous honors and 
awards for his contributions to computer science, 

including the ACM SIGMOD Innovations Award and 

the Knuth Prize. 

Agent 1: -- He earned his bachelor's degree from 
Dartmouth College in 1967 and his Ph.D. from 

MIT in 1973.

-- Johnson has received numerous awards for his 

research and contributions to computer science, 

including the ACM Turing Award in 2013.

-- Johnson's research interests include 

optimization, algorithms, and complexity theory.

✓

Round 1

✗

✗

✓

Agent 2: -- David S. Johnson is an American 
computer scientist and mathematician.

-- He has worked at several prestigious universities, 
including Columbia University, AT&T Bell 

Laboratories, and Cornell University.

-- Johnson is known for his work in the field of 

algorithms, particularly in the areas of network 

optimization, combinatorial optimization, and 
scheduling theory.

Agent 1: -- David S. Johnson is a computer 
scientist and mathematician.

-- Johnson was elected to the National 
Academy of Engineering in 2006.

-- He has received numerous awards for his 
contributions to computer science, 

including the ACM Turing Award in 2013 

and the Knuth Prize.

✓

Round 2

✗

✓

✗

✓

✓

✓

✗
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Synergy with Other Prompting Methods



Performance with Debate Length
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FrontierScience Research Agent
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Self-Improvement in Finance Bench
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Iteratively Improving Data Transfer Cost
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